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The model implies that learning is the result of activities producing
outputs which are assessed by a competitive environment. Conversely,
a system that has no output will not learn, meaning that a technology
which is not produced and deployed cannot start the ride down the
experience curve. Technologies cannot become cost-efficient by
laboratory R&D alone.

The basic learning model does not make any hypothesis about the
processes going on inside the learning system; in fact it considers this
system as a black box for which only input and output can be
observed.7 The model is simple, but provides useful guidance for
reflecting on the experience effect and for construction of experience
curves.

In the next section, we will enter inside the black box in order to discuss
the relationship between the experience effect and public policies for
R&D and for deployment. Some experience curves show “knees” where
the progress ratio changes. Causes for such changes may lie outside or
inside the learning system, e.g., major changes in technology or in the
market. Section 2.3 discusses how a major technological change may
appear in the experience curve. Section 2.4 considers the market and
how changes in the market may affect the relationship between price
and cost. Section 2.5 elaborates on compound systems, i.e., when the
learning system has two or more distinguishable systems, whose
experience curves can be measured separately.
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7. The input-output model for learning includes price reductions due to economies of scale. Critics
of the experience curve concept have argued that the observed correlation could as well be
explained by scale effects (see, e.g., Hall and Howell, 1985). Regarding the discussion on how 
to separate experience and scale effects, Abell and Hammond (1979, p. 114) note that “(t)he
confusion arises because growth in experience usually coincides with growth in size of an
operation”. They conclude: “Usually the overlap between the two effects is so great that it is
difficult (and not too important) to separate them. This is the practice we will adopt from here on
(while remaining alert for those exceptions where scale effects can be achieved alone, such as in
high fixed-cost, capital-intensive industries.)” We will follow the lead of Abell and Hammond in this
book and not separate the two effects. This means that we accept that the experience curve may
contain scale effects. In historical analysis such as in the two first case studies in the following
chapter, the distinction between experience and scale effects is of no practical consequence.
However, it is important to remain alert to scale effects when experience curves are used for
technology forecasting and scenario analysis. The reason is that we expect scale effects to saturate
while empirical data show experience effects remaining constant over many orders of magnitude.



Influencing the Learning System: Public R&D 
and Deployment Policies

The relationship between public R&D spending and the experience
curve phenomenon is an important concern for policy analysis.
Watanabe (1995, 1999) provides insight into how public R&D seeds the
industrial learning process, but also how public R&D efforts need to
reach into and stimulate this process to achieve improvements in
technology performance. This insight is also expressed in other research
on innovation and technological change, notably in the innovation
systems approach, where one of the cornerstones is that “interactions
between firms, and between firms and other knowledge-producing
agencies, are central to innovation performance” (Smith, 1996).
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Figure 2.2. Influences on the Learning System from Public Policy

Factors influencing the total cost are taken from Watanabe (1999).



Figure 2.2 relies on the quantitative analysis by Watanabe (1999) of
the factors contributing to the decrease in the cost of solar cell
production in Japan in the period 1976-1990. Watanabe looks at the
interactions between public and industry R&D, production and the
technology stock created by PV technology R&D. The figure
interprets his results in the basic learning model. The “+” and “–”
identify a cycle, which includes the crucial elements of the experience
curve. An increase in “Output” or sales increases “Production”, which
stimulates “Industry R&D”, which enlarges “Technology Stock”, which
boosts “Production” and reduces “Total Cost”, enhancing market
opportunities and thus sales. The cycle reinforces itself; it is a
“virtuous cycle”. There is a double boost to production coming from
the sales on the market and from the improvement in knowledge
through R&D.

The technology stock of PV R&D accumulates the benefits of industrial
R&D and reflects the cumulative character of technology learning. The
easily observed cumulative output from the learning system acts as a
proxy for this aspect of learning.8 Watanabe’s econometric analysis
suggests that more than 70% of cost reductions were directly due to
an increase in the stock of technology knowledge (Watanabe, 1995).
The quantitative analysis of learning in producing PV-modules
therefore supports the use in the experience curve of cumulative output
as the variable against which performance should be measured.

Figure 2.2 shows that public R&D can seed the learning process within
the industry but not directly influence total cost. In order to contribute
to cost reductions and to the industrial stock of knowledge, the output
from the public R&D process has to enter into the internal industry
R&D process. The outstanding feature of this internal learning process
is that there is no virtuous cycle and no substantial cost reductions
without market interactions.
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8. Watanabe’s analysis also considers the fact that knowledge becomes obsolete or is “forgotten”.
A corresponding effect may be seen in experience curves. For instance, knowledge depreciation
is suggested as the reason why Lockheed’s cost for the L-1011 Tri-Star did not follow the usual
learning pattern (Argote and Epple, 1990).



The analysis suggests a two-pronged technology policy. Firstly,
technology policy requires public R&D to initiate research on uncertain
technology options, which present a high investment risk, followed up
by pre-competitive public R&D expenditures to seed the industry R&D
process and keep it on track. Secondly, technology policy requires
deployment measures to ensure market introduction of technologies
which are not yet competitive.

Figure 2.3 is a roadmap for two-pronged energy technology policies.
The roadmap describes how the risk of climate change can be managed
by technology development. The road proceeds through three types of
terrain, dominated by three categories of technologies. The arrow
shows the direction to be taken for decarbonisation of the economy,
and the fields in the arrow indicate the present status and the risks and
opportunities for each category. The area below the arrow indicates
mechanisms which are available to achieve technology development.
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Figure 2.3. A Roadmap for Policies on Decarbonisation Energy Technologies



A dotted line divides the area into terrain where market mechanisms
provide all the necessary learning opportunities and terrain where
government R&D and deployment programmes may be needed.

The first category of technologies is “Technologies to remain on the
present baseline”. The baseline represents a business-as-usual case
with no climate change policies in place. Historical data show that
baseline technology led to considerable reductions in the carbon
intensity of GDP. Nakicenovic (1996) determined that CO2 emissions
per unit of GDP in the US economy were reduced by 18% for each
doubling of GDP during the period 1850-1990, which indicates a
progress ratio of 82% for the decarbonisation of economic activities.9

The baseline analysis presented in the World Energy Outlook (IEA,
1998) provides a progress ratio of 79% for decarbonisation of world
GDP during the period 1971-2020. The roadmap states that there are
existing technological solutions to remain on the present baseline.
Examples of such low-risk solutions are advanced coal technologies,
improved Otto-engines, combined cycle gas turbines and existing
nuclear power technologies. For these technologies, development and
deployment are internal industrial transactions steered by market
mechanisms. The parent technologies have already come a long way
down the experience curve, and the grafted technologies show low
learning rates. However, the policy analyst has to monitor these
experience curves because the technologies in this group provide
benchmarks for the technologies in the two other groups.

To reach Kyoto targets and ultimately stabilise CO2 emissions will
require much higher rates of decarbonisation than what is observed for
the baseline. Accelerated use of gas technologies can temporarily
reduce the decarbonisation progress ratio below 80%, but will not by
themselves lead to a breakaway from the current baseline. Long-term
efforts to reduce the progress ratio require new climate-friendly
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9. Nakicenovic (1996) reports a value of 76% based on cumulative input of carbon to the system.
However, following our cybernetic model, learning is a function of cumulative output, i.e.,
cumulative GDP. Converting from cumulative carbon to cumulative GDP gives a progress ratio of
82%, which is equal to the most probable value found by Dutton and Thomas (1984), Figure 1.3.



The Electricity Feed Law probably explains a major part of the take-
off in wind turbine installations. The law reduced the uncertainty 
for the investors, because it guaranteed a price for electricity
produced from the wind turbine. This price lies considerably above
the cost for producing electricity from technologies which the market
currently considers cost-efficient. The difference reimburses the
investor for his contribution to the learning investments for the wind
technology. With the EFL in place, the investor thus makes a learning
investment relying on refunds from the utilities and in the end from
the electricity consumer. However, EFL in its present form does not
allow for the experience effect. The guaranteed price is fixed to the
average tariffs for the final consumer, but the experience effect
implies that it should be progressively reduced for future investors as
both manufacturers and producers proceed down their experience
curves.18

EFL provides a general stimulation of deployment and learning
investments through administrative policy measures. The 100/250
MW Wind Programme represents more targeted measures based on
government subsidies to develop the market for wind power plants. An
interesting question is the cost-efficiency of this programme from a
public policy viewpoint. An analysis based on the experience curve in
Figure 3.4 and on learning investments provides a first indication of the
programme’s efficiency.

After 1997, no more plants were accepted into the 100/250 MW
Wind Programme, but plants in the programme continued to receive
subsidies for their operation.19 The programme thus recognised the
basic message from experience curve analysis. Subsidies for market-
induced technology development should be limited in time and
geared to initiate or accelerate the ride down the experience curve
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18. In February 2000, the German Bundestag passed a new law on priority for renewable energy.
This new law supersedes EFL and allows for the experience effect
19. 31 December 1995 marked the deadline for proposals in the 250 MW programme. Grants were
authorised for this last round of proposals during 1996 and 1997, and the investor then regularly had
18 months to build and achieve commissioning of the plant.



towards break-even. The subsidies should cease when the technology
has docked with the commercial market. The experience curve also
suggests that an efficient programme should reduce subsidies as
prices fall, giving larger subsidies to early investors, who bear the
burden of higher learning investments than later entrants. The 25%
rule in the 250 MW Wind Programme relates the subsidies to actual
prices, and therefore allows for the experience effect. However, basing
subsidies on total cost rather than learning investments may still
favour the late entrant and may subsidise his commercial investments.
This risk is reduced through the criteria for acceptance into the
programme (Bundesanzeiger, 1994). These criteria refer to the
technological maturity of a turbine type and to the need for
demonstration of different sites and installations, which made it
possible for the funding agency to direct subsidies to those
installations and sites where learning opportunities were most
needed. The plants in the 250 MW Wind Programme can therefore
act as forerunners, which stimulate further learning investments
outside the programme. The following analysis assumes that all
subsidies lead to learning investments.

A first indication of how efficient the programme has been in
stimulating learning investments is provided by the ratio of the total
learning investments made by all investors to the subsidies provided by
the government programme. A ratio of one means that government
subsidies are funding all learning investments; a ratio larger than one
indicates additional contributions from market actors, e.g. utilities,
private investors and, in the end, electricity consumers. A ratio less
than one signals that the government may be paying for investments
that should be assumed by market participants.

The experience curve in Figure 3.4 shows the market price of wind
turbines, and from this curve the learning investments made by the
investors can be calculated. The curve is smooth without
discontinuities which indicates that the German turbine market has
been stable during the observed period. On a stable market there is
very little difference between the learning investments paid by the
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investor and the learning investments made by the manufacturer.20

This means that we can rely on the price experience curve measured on
the market to calculate learning investments and study development
costs, without discussing financial strategies among the manufacturers.

Learning investments refer to costs above the corresponding cost for
the presently cost-efficient market alternatives. With the present price
for wind turbines, the best wind power plants can compete with
conventional technologies (Marsh, 1998). The following estimates of
learning investments use a break-even price of 1600 DM (1995)/kW.

Figure 3.7 compares the learning investments in wind turbines to the
annual public expenditures for wind RD&D from 1977 to 1998 and for the
100/250 MW Wind Programme from 1989 with a forecast until 2005.
The annual learning investments peak in 1994 and will be zero after
2000, following our assumptions on break-even price and continuing high
rates of deployment. RD&D expenditures peak around 1980 due to
RD&D projects on large wind turbines, and then slowly decrease.
Expenditures in the 100/250 MW Wind Programme peak in 1996 and
terminate about ten years later, when the final operational subsidies for
the last installations allowed into the programme are paid out.

The total government subsidies for the 100/250 MW programme are
330 million DM (1995). The subsidies include the costs for site
preparations and installations, which should be deducted before
calculating the ratio of learning investments to subsidies for the wind
turbines. For German plants, Kleinkauf et al. (1997) find that the cost
of the wind turbine is 67-73% of the total investment costs. This is in
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20. According to our discussion in Section 2.4 based on the findings of the Boston Consulting Group
(1968), the ratio between cost and price is constant in a stable market. In Figure 3.4, the cost curve
will be a straight line parallel and below the price line, i.e., it will have the same progress ratio of 92%.
For instance, an 8% price margin is equal to a price/cost ratio of 1.08, which gives the (average)
manufacturer about 25% return on equity. Changing the price margin, will change the total
investments but leave the estimates of learning investments practically unaffected. The reason is that
the change in price margin will, for the manufacturer, change the comparative cost of the cost-efficient
market alternative by the same factor. A stable market thus provides only a very small premium to the
developer. The conclusion is that we can use the price experience curve and the concept of learning
investments to study development cost without discussing financial strategies among the
manufacturers.



agreement with estimates of 68-73% for installations in Denmark and
California (Gipe, 1995). However, the basis for the subsidies does not
include the cost for connection to the grid, which amounts to 8-10% of
total costs. We therefore assume that 80% or 260 million DM (1995)
of the subsidies supports the purchase of wind turbines. The total
learning investments for turbines from the start of the 100/250 MW
programme is 810 million DM (1995). The ratio of learning investments
to subsidies is thus 3.1, meaning that for each DM spent by the
government the market actors have provided 2.1 DM.

The estimate of learning investments depends on the break-even point.
Using 1450 DM (1995)/kW as the price at break-even will increase the
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Figure 3.7. Learning Investments and Governments Expenditures

Total learning investments by all investors in wind turbines and federal government
expenditures for wind energy. “Gov’t RD&D expenditures” are expenditures for RD&D on
wind energy outside the 100/250 MW programme. Open circles and squares are forecasts.
Note that subsidies are paid out on the basis of electricity production during a maximum period
of ten years after the investment. Subsidies are therefore paid out until the middle of next
decade, although the 250 MW programme effectively ceased in 1996. (RD&D expenditures are
calculated from IEA Statistics. Information about the 100/250 MW programme are from
Windheim, 1999).



learning investments until 1998 to 1230 million DM (1995), leading to
a ratio between total learning investments and subsidies of 4.7.
Lowering the break-even price thus increases the leverage of the
100/250 MW Wind Programme.21

In 1998, the ratio of total wind power capacity and cumulative installed
capacity in the federal programme was 7.9 (see Figure 3.6). This ratio is
considerably larger than the ratio between total learning investments
and subsidies. The difference between the two ratios implies that the
share of learning investments relative to the total investments is larger
for plants inside the programme than for the average wind energy
turbine. This suggests that the 100/250 MW Wind programme has
been successful in directing subsidies towards those new turbines where
the need for learning investments was the largest.

The analysis of learning investments thus indicates that the 100/250
MW Wind Programme achieved two purposes. It stimulated learning
investments outside of the programme, while keeping the share of
learning investments for plants within the programme larger than for
plants outside the programme. Both achievements contributed to the
development of a market for wind power plants in Germany. The
100/250 MW Wind Programme was cost-efficient from the public
spending viewpoint. The Electricity Feed Law cannot be analysed in the
same way as the 100/250 Wind Programme. Studies of EFL have to look
at learning obtained by the producer of electricity from wind, which
requires time series of electricity production cost from wind turbines.
Such time series are still not available.
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21. One could argue that learning investments should be calculated from an increasing break-even
price for wind turbines between 1989 and 1998 since improved load factors and reduced operations
and maintenance costs (O&M) have increased the price at which wind turbines become cost-efficient
alternatives. For instance, in 1990 the cost of a turbine needed to be less than 700 DM (1995)/kW in
order to make wind energy cost-efficient, while cost-efficiency required turbine costs around 1400 DM
(1995)/kW in 1998. However, the argument confuses learning in two different systems. Increasing
load factors and decreasing O&M costs are the result of learning within the electricity production
system, which spills over to the manufacturing system. The break-even price for the manufacturing
system is thus calculated using the load factor and O&M costs at the break-even point (see footnote 2
in Chapter 1). The break-even point represents the intercept between the experience curve for wind
turbines and the curve for the increasing cost-efficient price. Extrapolating information on load factors
and O&M costs (Marsh, 1998; ISET, 1999) put the break-even point around 5000 MW cumulative
installed capacity at a price of 1600 DM (1995)/kW. A break-even price of 1450 DM (1995)/kW
assumes that there will be only small improvements in load factors and O&M costs after 1998.



The pattern that emerges from Figure 3.7 is similar to the one for solar
heated swimming pools; an initial period of large public RD&D
spending is followed by a period dominated by learning investments
with large-scale applications of the technology. This pattern is expected
based on the two-pronged policy for technology learning in section 2.2.
The periods are longer and more distinct for wind power than for solar
heated swimming pools, and a clearly defined deployment programme
marked the beginning of the learning phase for wind power turbines.

Government support and learning investments were more than one
order of magnitude larger for wind power than for solar heating. The
experience curves for the two technologies explain this difference.
Wind power had a favourable initial position, because the cost at the
entry point was only twice the cost at break-even, while the entry cost
for solar heated swimming pools was more than ten times larger than
the break-even cost. The ratios of learning investments over total
investments reflect the different entry costs. For the period of 1984-
1998, learning investments for wind turbines were only 12% of the
total investments shown in Figure 3.8, while they absorbed 50% of the
total investments during the learning phase for solar heated swimming
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pools (see Table 3.1). However, the advantage in entry cost does 
not compensate for the huge difference in learning rates; i.e., 30% 
(=100-70) for solar heated swimming pools but only 8% (=100-92) for
wind turbines. To reduce prices by 50% required a fourfold increase in
cumulative installed capacity for the solar technology. The same price
reduction for wind turbines required an increase in cumulative installed
capacity by a factor of 256!22 It is thus the high progress ratio for
wind turbines which generates the need for large learning investments.

The wind energy case shows how experience curves can be used for ex-post
evaluation of policy measures. Experience curves can also be developed
into tools for previewing and monitoring the effects of policy measures.
The experience curve provides an analytical tool to evaluate and compare
policy measures in different countries. Such a “second order learning” is
needed to manage the ride down the experience curve for the next
generation of CO2-friendly technologies, such as photovoltaics or fuel cells.
These technologies have initial costs which are 10-50 times higher than
break-even costs. Presently measured or inferred progress ratios indicate
values around 80%. Technology structural change may appear as in the
case for solar heated swimming pools, but cannot be assumed in the
planning phase. The learning investments are therefore expected to be
orders of magnitude larger than for wind energy, which increases the need
to optimise public policy measures to support deployment. The next case
study deals with photovoltaics and how experience curves can be used to
design and monitor policy measures.

Photovoltaics – Creating and Supporting 
New Niche Markets

To create a viable commercial market for wind power requires learning
investments of a few billion US$. For renewable technologies, such as
photovoltaics, which could potentially provide large reductions in CO2-
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22. A factor of four is equal to two doublings of cumulative installed capacity, and a price
reduction for solar heated swimming pools of (1- 0.3)2 = 0.5. A factor of 256 is equal to
8 doubling times (256 = 28) , and a price reduction of (1- 0.92)8 = 0.5. In fact, the German 
wind power capacity increased by a factor of 380 between 1988 and 1998!



emissions the remaining learning investments are around a hundred
billion US$. To accomplish such learning, efforts have to be sustained
over several decades. Two conditions must be fulfilled to provide the
large amount of learning investments for a single technology. Firstly,
government subsidies must find greater multipliers than in the case for
wind power, secondly, the learning has to be global.

This case study focuses on the Japanese programme for grid-connected
photovoltaics (PV) in residential areas. From the point of view of
technology learning, the objective of the programme is to create niche
markets, which can grow and ultimately provide learning investments
without any need for subsidies. Together, such markets thus provide a
docking point for photovoltaic technology in the sense discussed at the
beginning of this chapter.

A niche market for PV puts a premium on the specific characteristics of
PV technology, e.g., the technology provides a modular, distributed source
of electricity, which is applicable on a very small scale, independent of
fuels, and free of emissions during operation. PV will have a high value
in areas with large cooling demands, where a distributed source of
electricity can follow the cooling load and can avoid central production
costs to satisfy peak demand and investments to increase distribution
capacity. Japanese metropolitan areas have high costs for both peak
production and electricity distribution.

Tsuchiya analysed the prospects for Japanese niche markets for
photovoltaics in a seminal paper from 1989 (Tsuchiya, 1989). His results
are reproduced in Table 3.2 and Figure 3.9 and provide important
insights into the way that niche markets can lead to viable projects. The
table identifies four different niche markets. The line labelled “Niche
Markets” in the figure represents the cumulative demands from these
markets. Experience curves are constructed for progress ratios of 70%,
76% and 80%.23 The cost of electricity production from central fossil
fuel power plants is also indicated in the diagram.
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23. Strictly speaking, the curves 70%, 76% and 80% are not experience curves because the 
x- and y-axis do not refer to the output from the same learning system (see Chapter 2). Tsuchiya
calculated the price of electricity from experience curves for the investment costs of the total
system (incl. BOS), assuming a conversion factor of 0.22 (yen/kWh)/(yen/Wp)
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Docking points to Japanese niche markets for photovoltaics assuming experience curves with
progress ratios of 80%, 76% and 70%. The line market “Niche Markets” represents a fit to the
data in Table 3.2. Adopted from Tsuchiya (1989).

Table 3.2. Niche Markets for Photovoltaics in Japan

Tsuchiya, 1989.

Electricity
Market CumulativeSupply Cost

Market(Yen/kWh)
(MW) (MW)

Application

(Interval) (Average)

90-50 (75) 20-40 30 Substitute for Diesel-engine
electricity in remote area

28-36 (34) 3,600-5,200 4,430 Public Use. Office building.

27-31 (29) 17,000-27,000 26,440 Residential use

15-29 (25) 10,000-14,000 38,440 Industrial use



Competition with electricity production in central power stations is the
ultimate goal for PV technology. Figure 3.9 indicates that this will
require deployment of more than 100 GW of photovoltaics for progress
ratios of 76% or more. This is consistent with our previous analysis in
Chapter 1. Only with a very optimistic progress ratio of 70% can PV be
expected to compete with fossil technologies at less than 100 GW of
cumulative sales. There is no indication that such high learning rate
can be achieved. The existence of niche markets radically changes the
prospects for PV. Tsuchiya’s analysis shows that much less deployment
is required to produce PV technology at niche market prices. Figure 3.9
places the docking point at 50 GW, 6 GW and 1.4 GW for progress
ratios of 80%, 76% and 70%, respectively. After docking into the
niche markets, PV technology has access to self-propelling, commercial
markets, which will provide the learning investments for the further ride
down the experience curve.

Niche markets provide a huge improvement over an approach which
relies only on the utility market for conventional electric technology.
However, policy measures are needed to start up the niche markets,
because the current price of PV is still larger than the willingness to pay
in these markets.

Japan’s PV-Roof programme started in 1993 and uses subsidies to
lower the price for residential, grid-connected PV-systems towards the
docking point into the niche markets. Figure 3.10 shows the results
from 1993 to 1998 with forecasts through 2000.24

The subsidy is installation price less cost paid by the investor, and
currently represents half of the difference between the actual installation
price and a target price of 3.0 US$/Wp. Since the programme started,
the prices for the complete system have fallen from over 30 US$/Wp to
about 8 US$/Wp in 1998. Subsidies are reduced as prices fall and will
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24. Information about installed capacity and prices from 1993 to1998 are from Ikki et al.
(1999). Forecasts for 1999 and 2000 are from Kyocera America Inc., published in PV News,
Vol.16, No 12, p.3, December 1997. Information about subsidies are from the Japanese 
Ministry of International Trade and Industry (MITI). Following PV News we use the short-name
“PV-Roof Programme”. The official name is Residential PV System Dissemination Programme.



eventually be phased out. A price of 3.0 US$/Wp corresponds to a
production cost for electricity of 28 Yen/kWh, which provides the docking
into the large niche markets in Table 3.2. The dotted line through
investor’s cost tracks a segment of the “Niche Markets” curve in
Figure 3.9.

The docking point of 3 US$/Wp is supported by evidence form other
countries. The Utility Photovoltaic Group (1994) consisting of 81
electric utilities in the US found that a “PV system price of about
$3,000/kW emerges as the potential turning point for selfsustaining PV
commercialization for domestic markets”. However, the niche market
curve may be flatter than indicated in Figure 3.10, moving the docking
point higher. A tentative, more optimistic target price of 5 US$/Wp is
also considered in the PV-Roof programme. Such a docking point would
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reflect a higher willingness-to-pay among the investors, e.g., due to
environmental factors. The basis for the following analysis is the 
more conservative estimate for the docking point of 3 US$/Wp, but
5 US$/Wp will be used to test the sensitivity of the results.

The experience curve gives a qualitative understanding of the price
reductions in Japan’s PV-Roof programme. However, to set goals and
to estimate the costs of these goals require more quantitative analysis.
Figure 3.10 therefore also provides a fit of an experience curve to the
installation prices with a forecast through 2010. The peculiar shape of
the experience curve is the result of two factors:

� Compound learning system. The PV-system contains two
components that learn at different rates and start with different
experiences, namely, the PV-modules and the Balance-of-System
(BOS) for a residential, grid-connected installation. The compound
experience curve in Figure 3.10 is based on the experience curve for
modules on the world market until 1997, which gives a progress ratio
of 79% and cumulative sales of 800 MW. For BOS, a progress ratio
of 82% is assumed.25 The cost and cumulative sales of BOS in 1994
are parameters used to fit the compound experience curve to the
observed results for the period of 1994-1998.

� Global learning — local deployment. The market created by the PV-
Roof programme is part of the total world market for PV-modules
and for BOS. The success of the programme will therefore depend
on the development of markets outside of Japan. The growth rate
for the module market outside Japan is assumed to remain at 15%
per year, which characterised the market from 1985 to 1995.
Residential systems are assumed to be a strongly expanding market
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25. The assumption reduces prices for BOS by a factor of 4 from 1994 to 2000, and is crucial for
fitting the compound experience curve in Figure 3.8 to the observed points. Progress ratio of 82%
is consistent with the price series reported by Ikki et al. (1999) and is equal to the most probable
value observed by Dutton and Thomas (1984), see Figure 1.3. The integration of PV-systems into
materials for roofs and walls and into the architectural design of the building is decisive for further
price reductions. Structurally integrated PV-systems are new developments, which open the
possibility of a technology structural change in the design of BOS. Such change can lead to a
step-wise reduction in BOS price (cf. the first case study and section 2.3), reduce subsidies and
learning investments, and move the docking point closer in time.



also outside of Japan. Through year 2000, the growth rate in the
Japanese programme is over 70%/year, but after year 2000 the
growth rates are assumed to reduce gradually to 15%/year.

Extrapolation of the experience curve until 2010 indicates that if the
programme is unchanged PV technology will reach the docking point
around 2007. From 2007, Japan will then have a self-propelling niche
market for residential, grid-connected PV systems. The tentative target
price of 5 US$/Wp can be reached in 2001. An important question is
what government subsidies are required to reach the docking point and
how do these subsidies relate to learning investments provided by the
other actors in the energy system. Many of these actors are inside Japan,
but success also relies on learning investments continuing outside of
Japan. In the following analysis, the experience curve approach is used
to discuss learning investments and global learning.

At a system price of 1.1 US$/Wp, PV will start to compete with fossil
technologies on the utility market for central power stations. This price
is therefore the point of reference for calculating the learning
investments. Figure 3.11 shows the learning investments for the PV-
Roof programme from 1994 to 1998 and forecasts for an unchanged
programme which can reach a target price at 3 US$/Wp. The diagram
also shows the part of the learning investments which is paid by
government subsidies. The difference is the share of learning
investments paid by the investor. The utility law stipulates that the
investor can sell surplus production to the utilities at buy-back rates
equal to end-user prices. Ultimately, the investor’s learning
investments are shared between the investor and the utilities.

The total government subsidy for the programme until 1998 is about 200
million US$. A further 1300 million US$ will be needed to reach the
docking point of 3 US$/Wp in 2007. The total subsidy required to create
a self-propelling niche market is thus 1.5 billion US$. Figure 3.11 shows,
however, that the learning investments stimulated by the PV-Roof
programme are much larger than the subsidy. Until 1998, the
programme stimulated market actors to provide additional learning
investments of about 300 million US$, and will stimulate further learning
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investments of 6900 million US$ until the docking point. If the
programme is continued, the market will have multiplied the government
subsidy by a factor of 5.7, to yield total learning investments from
government and market actors in Japan of 8.7 billion US$.

If a self-sustaining niche market for PV-systems is reached at 5 US$/Wp,
public subsidies can be phased out over the next few years. The demand
for learning investments remains the same, but the total subsidy required
to reach the docking point is reduced to 700 million US$.

The Japanese programme relies on an active world market for PV-
modules. Learning for PV-systems is global, and achieving 3.0
US$/Wp requires learning investments in modules and BOS outside of
Japan. The US and the EU have announced PV programmes similar to
Japan’s programme, and the scenario in Figures 3.10 and 3.11 assumes
that these programmes will be realised. The experience curve analysis
shows, that in order to reach 3 US$/Wp in 2007, market actors outside
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of Japan must invest 10 billion US$ in learning about PV-systems. A
stagnant or accelerating market outside of Japan will effect both the
target year and the cost of the Japanese programme. This is illustrated
in Figures 3.12 and 3.13.

The scenario labelled “Historical Growth” is identical to the case in
Figures 3.10 and 3.11. ”Stagnant” world market means zero growth for
PV systems outside of Japan. In this case, the annual new capacity
installed on these markets decreases to 100-150 MW for the period of
2000-2010. The possibilities for the Japanese programme to learn
from other programmes are reduced and the time for docking into the
niche market slips to 2010. A world market that expands at the rate of
25% per year (“Strong Growth”) will boost the Japanese programme
and reduce the docking time by 1 to 2 years. Such high growth rates
were observed for nuclear power in the 1960s and 1970s.

Figure 3.13 indicates a dramatic redistribution of learning investments
among the scenarios. The total learning investments remain the same
for the three scenarios, but the Japanese share increases from 45% in
“Historical Growth” to 80% in a “Stagnant” world market. If world
markets expand, learning investments in Japan will be reduced to
about one third of the total learning investments necessary to reach
the docking point of 3 US$/Wp. Stagnant world markets require 60%
more subsidies than in the base case, or 2.4 billion US$ compared with
1.5 billion US$. A stagnant world market for PV will require more
domestic resources to dock PV to the niche market for residential, grid-
connected systems, but would also be expected to give Japanese
industry a “cutting edge” on PV technology.

The calculations for the first decade of 2000 are scenarios, not
forecasts. They indicate how experience curves can be used to support
policy targets and measures. The model used for the calculations26

will be refined, as more is understood about niche markets and the
learning patterns for components in the PV-system. For instance,

73

3. Making Emerging Technologies Commercial

26. PV-GOL2D, (GlObal Learning, Local Deployment) is a simulating model for PV niche markets
and compound PV-systems (Wene, to be published)



global learning is a tenable assumption for the modules, but BOS may
contain components that are country specific and learning for BOS may
therefore not be completely global. However, such refinements will not
change the substance of the results. Firstly, considerable resources are
necessary to dock PV-systems into large niche markets, but the financial
involvement from the government can be limited and phased out over
time. Secondly, global learning influences the ability to reach national
targets. Concerted action among governments and energy market
actors is needed in order to create balanced portfolios of energy
technologies to manage the risk of climate change.
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CHAPTER 4: DYNAMICS 
OF LEARNING 
AND TECHNOLOGY COMPETITION

This chapter presents two modelling experiments. The
models look at the technology learning required to
create a low-cost path leading to stabilisation of 
CO2 emissions during the next century. The
experiments demonstrate how experience curves are
used to explore technology options and identify areas
where government intervention may be necessary to
satisfy societal goals.

The Effect of Learning on Estimates
of CO2 Mitigation Cost

Macroeconomic analysis indicates that substantial costs are required
to reduce global CO2 emissions (see e.g., Manne and Richels, 1992;
Nordhaus, 1994; IEA, 1998). One of the reasons for the high cost
discussed in the Roadmap in Figure 2.3 is that most clean
technologies are still too expensive to compete with fossil
technologies in present markets. Macroeconomic calculations
indicate that implementation of these technologies requires high
CO2 taxes or high-price emissions permits, which increase the cost of
CO2 reduction. However, if learning investments for CO2 benign
technologies can be provided, they may reduce the cost barriers.
Including the effects of technology learning in the analysis will thus
drastically reduce the estimated costs for CO2 reductions.

A low-cost path to the stabilisation of CO2 emissions in the next
century requires sustained and targeted learning investments over the
next few decades. The following discussion focuses on the time horizon
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for the learning investments and on the need to allocate scarce
learning opportunities toward promising technologies.

A simple model for the breakaway from the present carbon baseline
will illustrate the need for sustained and targeted efforts. The
baseline in the model is defined in Figure 4.1, which shows global
carbon intensity as a function of cumulative GDP. Information on
carbon emissions and world GDP are from World Energy Outlook
(IEA, 1998). The global economic system can be considered as one
learning system with carbon as one of its inputs, GDP as output, and
carbon intensity as a measure of performance. The baseline in Figure
4.1 therefore represents a learning curve for carbon. The progress
ratio is 79%, indicating a decarbonisation rate of 21%. These values
can be compared to the progress ratio of 82% found for the US
economy during the period from 1850 to 1990 (Nakicenovic, 1997;
see also footnote in chapter 2, section 2).
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The carbon baseline is extended through 2060 in Figure 4.2, assuming
the WEO GDP-growth rate for the period 1995 to 2020 remains
constant over the period 2021 to 2060. The interior figure shows the
corresponding annual CO2 emissions. Staying on the present baseline
means that CO2 emissions will quadruple between 1990 and 2060.
Figure 4.2 also shows a carbon intensity path that breaks away from
the baseline and leads to a stabilisation of emissions around 2050.
This path is generated by increasing the progress ratio after 2000, until
it in 2060 is around 50%.27

The steadily increasing progress ratio is a result of the increasing
deployment of new, climate-friendly technologies. These technologies
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27. Formally, the alternative path in Figure 4.2 is generated by linearly increasing the experience
parameter, E, in the experience curve equation as cumulative GDP increases beyond 2000. The
effect is the same as fixing  a spring to 2000 and letting the force to breakaway from the baseline
increase as the spring is stretched. The procedure is described in Wene (1999).



are from the second category in the Roadmap in Figure 2.3, and
include photovoltaics and biomass technologies. The difference
between the baseline and the breakaway path provides learning
opportunities for these technologies, which substitute for alternative
fossil technologies otherwise installed in the baseline. The new
technologies are usually more expensive than their fossil alternatives,
and the breakaway path therefore has additional costs compared with
the baseline during the first years. These additional costs are equal to
the learning investments for the new technologies. As deployment
continues along the breakaway path, the experience effect reduces the
cost of the new technologies. As the new technologies break even with
their fossil alternatives, the costs for the baseline and for the breakaway
path will be the same. As learning continues, the costs for the
breakaway path will be less than those for the baseline, because the
younger technologies in the breakaway path will learn faster than the
older ones in the baseline.

The breakaway model in Figure 4.2 presents an extremely aggregated,
top-down view of the world. Its purpose is to explain how the
experience effect may modify cost estimates for CO2 reduction and to
demonstrate how cost depends on the way new technologies share
learning opportunities. The next section introduces an advanced
optimising model which verifies these cost trends through a bottom-up
construction of baseline and breakaway paths.

For the immediate future, the technologies for the breakaway path are
close to market, such as technologies to improve energy efficiency
including energy-efficient building envelopes, heat pumps and compact
fluorescent light. Gas technologies may also increase their shares
faster than in the baseline case. However, to continue increasing the
slope of the carbon learning curve requires new supply technologies
with no net emissions of CO2 during their operation. For the modelling
experiment, the CO2-benign and market-ripe technologies fill 98% of
the gap between the baseline and the breakaway path around 2000.
Their share of avoided CO2 emissions decreases to less than 50% in
2010, which opens up learning opportunities for new supply

78

4. Dynamics of Learning and Technology Competition



technologies such as renewables. For illustration, the effect of
deploying photovoltaics is analysed.

Figure 4.3 shows the additional cost for photovoltaics until 2030, if
this technology is the only new carbon-free supply technology. The
progress ratio for photovoltaics is 79%. All the other technologies
used to generate the breakaway path are ready for the market and
their additional costs small. The curve in Figure 4.3 therefore
estimates the cost for the breakaway path compared with the baseline,
albeit under the unrealistic assumption that PV is the only new
renewable supply technology.

Within a short time horizon of less than ten years, the photovoltaic
alternative appears costly. However, as experience accumulates the
price of photovoltaic systems decreases, and in 2013 PV breaks even
with alternative fossil technologies in the baseline.28 As learning
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Figure 4.3. Additional Annual Cost for Photovoltaics

Additional cost for photovoltaics in the breakaway path from 2000 to 2030.

28. Fossil technologies also learn, however, at a much lower rate than new renewable technology
such as photovoltaics. See the discussion in section 1.1 and Figure 1.5.



continues beyond the break-even point, electricity from PV becomes
cheaper than electricity from fossil fuels. Instead of additional costs for
a renewable alternative, the longer time horizon identifies these costs
as learning investments, which are recovered after 2013. With a 5%
real rate of discount, the present value of the PV alternative is positive
and some 330 billion US$.29 The undiscounted sum of learning
investments from 2000 to 2013 is 150 billion US$.

The cost curve in Figure 4.3 illustrates how technology learning
through market experience overcomes the cost barrier and provides
profitable investments. However, the breakaway path cannot be
achieved by a single carbon-free technology. Availability of renewable
resources, reliability of the energy system and the risk of technology
failure require a portfolio of carbon-free technologies. We will use our
simple model to explore the properties of a portfolio consisting of three
renewable technologies. For illustration, the technologies should
represent different learning rates and positions on the experience
curve. The technologies are photovoltaics with a progress ratio of
79%, biomass liquefaction with a ratio of 82%, and electricity or heat
from biomass with a ratio of 92%.30

Figure 4.4 shows the cost curves for the portfolio and for the three
technologies in the portfolio. The three technologies share equally
between them the learning opportunities used for only one technology
in Figure 4.3. This means that photovoltaics have one third of the
annual learning investments compared with the earlier case, which
delays break-even by five years until 2019. Technologies to produce

80

4. Dynamics of Learning and Technology Competition

29. Price reductions proceed beyond break-even, but the calculations recognise a lower cost limit
due to resource constraints at 2 Uscents/kWh.
30. The progress ratio for photovoltaics is from the analysis in section 2.4. The analysis of the
experience curve for Brasilian ethanol provides an average progress ratio of 80%. 82% is
therefore a “conservative” estimate, which is equal to the most probable value for a progress ratio
found by Dutton and Thomas (1984). The ATLAS data indicate a progress ratio of 85% for
electricity from biomass, but this value is uncertain because the measurement is only made over
one doubling of cumulative output. Like wind power, technology to convert biomass into heat or
electricity contains many well established technical components and one therefore expects a
larger progress ratio than for photovoltaics and biomass liquefaction. A 92% progress ratio
represents an educated guess lying between the 85% from ATLAS data and the 96% measured
for wind power.



electricity from biomass or heat from biomass start with prices much
closer to the commercial alternatives, and therefore reach the break-
even point at 2016 in spite of the fact that they have a much smaller
learning rate. Automotive fuels from biomass are 3 to 4 times more
expensive than their fossil alternatives (IEA/AFIS, 1998), while the
price for PV in 2000 is 10 times larger than the fossil alternative. The
present experience of PV is, however, less than of biomass liquefaction,
and equal learning opportunities have a larger effect on PV prices
than on prices for biomass liquefaction. Different starting points
therefore explain the different behaviours of PV and biomass
liquefaction in the beginning of the period. Progress ratios and
assumptions on lower price limits explain the cost curves at the end of
the period.31
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Additional annual costs for a technology portfolio with three technologies which are deployed
with equal weights to reduce CO2 emissions.

31. Wene (1999) discusses the input data to the Breakaway Model and gives a fuller description
of the results.



The portfolio breaks even in 2019 and the sum of portfolio learning
investments is 325 billion US$. The portfolio sum is slightly less than
the sum of learning investments for the individual technologies,
because they break even at different times and there will be some cross-
subsidies to the latecomers from early achievers. The present value of
the portfolio for the period of 2000-2030 is positive but reduced to
15 billion US$ from the 330 billion US$ for a single technology. The
reason for this reduction is that the portfolio has three technologies
competing for the same learning opportunities, which delays break-
even for all three technologies. Without the learning constraint the
value of the portfolio would be higher than for a single technology.

The modelling experiment illustrates that the learning opportunities
provided by the market represent a resource which is used to induce
technology development. The experiment thus reflects the analysis of
R&D and deployment policies in Chapter 2, where the conclusion was
that the industrial learning process depends on market deployment of
the technology in order to generate substantial price reductions.
Comparing the present value between the cases for one and three
technologies shows that the scarcity cost for learning opportunities
may be considerable. This raises the question of how to allocate this
scarce resource among the three technologies. In a real case, the
distribution of learning investment among technologies determines
this allocation. The simple model treats the allocation as given by the
shares of the individual technologies in the CO2 abatement measures.
Varying these shares and calculating the corresponding present value
of the technology portfolio provides the map in Figure 4.5. The cross
indicates the position of the equal shares portfolio in Figure 4.4. The
value of the technology portfolio varies between 10 to 200 billion US$,
depending on allocation of learning opportunities. Relative to the
equal shares portfolio, increasing the weight of photovoltaics or
biomass liquefaction improves the return on learning investments.

More detailed studies of energy systems are necessary to find what
combinations of technologies are feasible, considering, for instance,
available energy resources and distribution of energy demand. A
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realistic portfolio analysis must include several more technologies
beside the ones in our simple model, notably, to enable and support
other technologies, or to spread technology risk, or to ensure
diversification in future energy systems. For instance, the map
suggests that the portfolio should have a large share of PV, but this is
not possible without storage technologies. Initially promising
technologies may not perform or may prove to have properties which
exclude deployment. To hedge against such technology risk requires
redundancies in the portfolio. However, adding technologies to the
portfolio will increase the need for learning investments, and if the
added technologies compete for the same learning opportunities, they
will delay break-even and reduce the present value of the portfolio.
An efficient portfolio must balance allocation of learning
opportunities against the need to diversify energy supply and to
spread technology risk.
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The top-down, breakaway model for global learning and reduction of
CO2 emissions suggests three observations regarding CO2 mitigating
technologies:

� The experience effect provides a low-cost path for stabilisation of
CO2 emissions during the new century.

� The low-cost path requires considerable, sustained and targeted
learning investments during the next decades.

� Learning opportunities and learning investments are both scarce
resources. A technology portfolio must balance the allocation of
learning opportunities against the need to diversify supply and
manage technology risk.

Competition for Learning Investments

The top-down modelling experiments in the previous section indicate
that learning periods of one to two decades are needed to reach break-
even for renewable technologies with large potential such as
photovoltaics and biomass. In the short term, learning investments will
appear as an extra cost which is not recoverable. A myopic, least-cost
approach will therefore ignore these technologies which are currently
expensive but may have a high propensity for learning and for
becoming cost-efficient. The case studies in Chapter 3 showed that the
policy-maker has several instruments that can be used to overcome the
myopic view and to stimulate learning investments.

These case studies only indicate how the policy-maker can intervene
into the competition for learning opportunities in an efficient way.
Before deciding how to design the intervention, the public policy-maker
must consider why he should intervene to ensure learning investments
for some technologies but not for others. From the top-down model in
the previous section it was seen that learning investments could
provide a low-cost path to CO2 stabilisation. The model is unable,
however, to recommend which technologies merit support and how
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learning opportunities in the market should be allocated among these
technologies. The allocation of learning opportunities is achieved
through learning investments so policy discussions can focus on the
need to provide these investments. The policy-maker thus needs
technology-specific answers, which explicitly consider the long-range
competition for learning investments. Such analysis requires a bottom-
up, systems engineering approach.

Many energy systems engineering models are time-stepped, i.e., they
consider investments to be taken from a myopic year-by-year
perspective. They capture learning in commercial technologies, but
cannot analyse the competition for learning investments. Models to
describe such competition must be able to look beyond the cost
barriers in Figures 4.3 and 4.4 and allocate learning investments to
achieve the best performance possible for the complete energy
system within a long time horizon.32 The time horizon must extend
at least to 2030. “Best performance“ is usually synonymous with
“least-cost”. The use of experience curves with such models creates
considerable mathematical difficulties, because the curves are highly
non-linear with increasing return to scale. Results from three
different models have been published: Message (Messner, 1997),
Genie (Mattsson and Wene, 1997; and Mattsson, 1997) and
MARKAL (Seebregts et al., 1998). The Genie results for the global
electricity system are discussed here.

Genie considers four world regions with some possibility of natural gas
trade among them. Fossil fuel prices rise as resources are depleted.
Demands for electricity and for fossil fuels outside the electricity sector
are specified externally and are based on scenarios from the U.S.
Energy Information Administration (EIA, 1996), the International
Atomic Energy Agency (IAEA, 1991) and the joint scenarios from the
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32. In the technical language of the modelling trade, the requirements are synonymous with
“a perfect-foresight, optimising model”. The objective for the model is minimum present cost at r%
real discount rate. Introducing experience curves for technologies in the model creates non-convex
problems, which have several local minima. Finding the global minimum may require several
hundred hours of computing time. However important the global minimum may be to the
mathematician, the local minima are of large interest to the policy analyst because they represent
stable solutions for the model indicating lock-in or lock-out situations in the real world.



International Institute for Applied Systems Analysis and World Energy
Conference (IIASA/WEC, 1995). Eleven electric technologies are
considered. Beside conventional fossil fuel, hydro and nuclear
technologies, the technologies include advanced coal, natural gas
combined cycle (NGCC), wind power, fuel cells, photovoltaics (PV), and
a hybrid technology consisting of photovoltaics and hydrogen fuel cells
(PV-H2). The hybrid technology uses photovoltaics to produce
electricity and hydrogen during the solar hours, and the fuel cell to
produce electricity from hydrogen during the rest of the day. Mattsson
(1997) uses the following progress ratios for the investment costs:
photovoltaic systems, 82%, fuel cells and the hybrid PV-H2, 85%, wind
and NGCC, 88%, and advanced coal, 95%.33

Ignoring the experience effect, the modeller usually finds a single
attractive path leading to a stable best or least-cost solution.
Experience curves, however, connect future price expectations with
current investments so that the cost of a technology becomes
dependent on the earlier history of the energy system. The system can
therefore create many alternative, low-cost paths by providing or not
providing learning investments for specific technologies. Once it has
started to develop a specific path, it cannot, however, shift to an
alternative path without extra costs. Each path represents attractive
configurations of the system because each provides a stable, low-cost
solution. The experience curves thus mimic the path-dependence of
technology development discussed in evolutionary economics (Cimoli
and Dosi, 1995; Kemp, 1997).

The Genie model represents alternative paths through local optima,
which are points with local, least-cost solutions for the development of
the electricity system. For the policy analyst, these local minima
therefore contain the interesting results from the modelling
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33. Mattsson’s (1997) assumptions for investments costs are consistent with information in the
sources quoted in this book. Joskow and Rose (1985) finds 95% progress ratio for the investment
cost of supercritical coal. EU-ATLAS (Marsh 1998) gives 87% for the total investment cost of wind
power plants in the EU, i.e., wind turbines and site preparations, indicating that the learning rate
for the site specific investments is much higher than for the wind turbines. The data of Claesson
(1999) indicate a progress ratio for NGCC around 90% in a stable market.
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Figure 4.6. Technology Paths for the Global Electricity System

Local optima obtained by the Genie model showing two different but stable development paths
for the global electricity system. The paths have the same present costs. The real rate of
discount is 5%. (Mattsson, 1997).
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experiment, because they simulate stable situations with lock-in or
lockout of technologies.

Figure 4.6 shows two different but stable development paths for the
global electricity system. The two paths emerge from the same set of
assumptions on technology properties, fossil fuel resources and
demands. The difference between the two paths is the allocation of
learning opportunities. In the first case, photovoltaics and fuel cells do
not receive any learning investments, while in the second case there is
large deployment of these technologies over the next decades, leading
to break even for them around 2025. An interesting result is that the
present costs of the two paths are almost identical. This is consistent
with the results from the top-down model in the previous section.

The two paths in Figure 4.6 represent baseline development and a
breakaway alternative. These two paths are represented in Figure 4.7.
In the baseline, the emissions from the global electricity system
increase by a factor of two between 1995 and 2045, while on the
breakaway path emissions in 2045 are at the same level as in 1995.
The interior diagram displays emissions as carbon learning curves for
the global electricity system, and indicates that the path with no
learning investments for PV and fuel cells, on average, follows the WEO
baseline with a 79% progress ratio (compare with Figure 4.1). The
variation around the baseline has a very interesting interpretation in
terms of lock-in to existing fossil fuel technologies.

During the first two decades, the technologies in the baseline use
more natural gas but less coal than the technologies in the breakaway
path. The effect is visible both in the annual emissions curve and in
the learning curve representation. Until 2015, emissions from the
electricity system are smaller in the baseline than in the breakaway
path. A myopic look at the carbon learning curve in 2000 would
actually indicate a progress ratio of 44%, suggesting that the present
growth of natural gas combined cycle plants would provide more than
the necessary CO2 reductions for the electricity system. However, by
2010 the system depletes its inexpensive natural gas supplies and
turns to advanced coal. In spite of increasing shares for wind power,



the carbon intensity in the Genie baseline actually increases between
2015 and 2035, until in 2045 when investments in nuclear power
bring the intensity back to the WEO baseline. NGCC, advanced coal
and wind power receive all of the learning investments, and the Genie
baseline effectively locks in to fossil fuels with wind power as the only
renewable technology.

The breakaway path still provides markets and learning investments for
NGCC and advanced coal, but only as intermediary technologies awaiting
maturity for photovoltaics, fuel cells and hybrid PV-H2. The annual
growth rate for PV and fuel cells during the first decades of the next
century is 30%, which is similar to what has been observed for NGCC and
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Annual emissions of carbon dioxide from the two paths for the global electricity system shown
in Figure 4.8. The in-fold is a learning curve representation of the emissions. The full drawn
lines in the in-fold show the carbon learning curves corresponding to the WEO baseline and a
breakaway path as discussed in the previous section.



nuclear power. The growth rate levels off to less than 10% per year after
2025.

The breakaway path has a higher annual cost than the baseline until
2025. As learning continues for PV and fuel cells, these additional costs
are eventually recovered. Advanced coal and wind power may still require
some learning investments in the baseline the amounts, however, are
small compared with what is needed for PV, fuel cells and PV-H2 in the
breakaway path. The difference in annual costs in Figure 4.8 measures
the need for learning investments to achieve the breakaway path.
Learning investments from 1995 to 2025 amount to 400 billion US$.

Figure 4.8 shows why policy interventions may be necessary. Learning
investments will be needed over a period of 15 to 20 years, which is a
long investment horizon from the market point of view. There is therefore
considerable risk that the electric energy system will follow the baseline
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without policy intervention. The baseline leads to unacceptably high
levels of CO2 emissions. The policy-maker therefore needs to identify a
portfolio of technologies to breakaway from the baseline and to ensure
that the technologies in the portfolio receive learning investments.

From the modelling experiment with Genie the following conclusions
can be drawn:

� The experiment verifies the observation that the experience effect
can provide a low-cost path to stabilisation of CO2 emissions from
the energy system, but to realise this path requires considerable
learning investments over the next decades.

� The competition for learning investment can result in a lock-in to
baseline technologies and lockout of technologies which would be
required to breakaway from the baseline. The risk of lockout
provides a rationale for policy measures to ensure learning
investments for the breakaway technologies.

Uncertainty about Learning

The policy-maker must consider risks connected to technology
portfolios. Here, the risks due to uncertainties in the experience
curve analysis are of interest. The experience effect links technology
development directly to technology investments in the energy system.
In the experience curve analysis, events at two different levels thus
cause uncertainties about improvements in technology performance.

� Uncertainty about deployment and global learning. This uncertainty
on the system level reflects the ability to provide learning
opportunities for the portfolio technologies. Will the technology be
deployed in the energy system? Will deployment also lead to efficient
global learning?

� Uncertainty about ability to learn. This uncertainty on the technology
level reflects the future ability of a technology to continue learning.
What is the progress ratio for a new technology? Will the learning rate
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remain constant for technologies, which already have proven their
ability to learn on the market but not yet reached break even?

Some of the uncertainty about deployment and global learning can be
resolved through government policies and concerted action between
governments. Further studies of experience curves and technology
learning will elicit the relationship between local deployment and
global learning. However, balancing local deployment and global
learning is a complex process, and the future outcome of this balance
will always remain a source of uncertainty for the policy analyst.
Methodologically, the analyst will be able to estimate the effect of this
uncertainty by scenario analysis.

The second uncertainty refers to the value of progress ratios and the
shape of experience curves, and represents a specific form of
technology risk. For instance, the experience curve for photovoltaics
must be extrapolated over several orders of magnitude before it
reaches cost levels comparable to conventional, fossil fuel technologies.
Small changes in progress ratios will change learning investments
considerably and thus the conditions for long-range competitiveness.
There may also be cases where the lack of deployment hinders
measurement of the progress ratio, and initial estimates must be based
on comparisons with similar technologies. We have also seen knees in
the experience curve. When these knees are due to changes in the
business environment as discussed in section 2.4, they represent only
short-term readjustments of the price-cost relationships. Technological
structural change speeds up the learning and is a beneficial surprise for
the policy-maker. However, there may also be knees due to other
factors in the learning system, e.g., reaching a physical limit to
improvements for a part of the system. Such limits may be unknown
when the decision is taken and represent a real technological risk.

Uncertainty about the ability to learn can only be resolved by
deployment, i.e. by making the learning investments. In this situation
experience curve analysis can provide valuable support for the decision-
maker, by looking at the consequences of uncertainties and by
suggesting robust decisions on deployment.
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The model discussed in section 4.2 has been used to investigate the
effects of a knee in the experience curve for photovoltaics and of a too
optimistic initial estimate of the progress ratio for fuel cells. The
uncertainty about PV is whether it will continue to show a progress
ratio of 80%, or whether it will level off to 90% after having achieved
a certain amount of experience (set to 5 GW cumulative production in
the model). There is little information about fuel cells, but progress
ratios of 85% and 92% are a reasonable range for the experience
curve. The uncertainty is assumed to be resolved at cumulative
productions of 50 GW, respectively. The uncertainty may resolve over
time, but only if learning investments up to 50 GW really are made!

Diagram 4.9 shows the year when the uncertainty is resolved as a
function of the probability for a continuous 80% progress ratio for PV
and a 85% progress ratio for fuel cells. Resolving the uncertainty in
2015 means that the model favours maximum rates of deployment in
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spite of the uncertainty, while “never” indicates that the technology
should not receive any learning investments. In the latter case,
uncertainty about the learning rates excludes the technology from the
cost-efficient solution. We conclude that learning investments in PV
should be stimulated, if the decision-maker believes that there is a 50%
probability that PV will continue to have an 80% progress ratio. At a
lower probability, the conclusion depends on the probability for a high
learning rate for fuel cells. The reason for this coupling between PV
and fuel cells is the hybrid PV-fuel cell technology, which utilises the
learning investments from both technologies

Managing the Balance between Global Learning
and Local Deployment

The experience effect provides a mechanism for technology-controlled,
low-cost stabilisation of CO2 emissions. The analysis suggests a
proactive, globally oriented strategy based on portfolios of generic
technologies. As each new technology will need learning investments,
there is a need to keep the number of portfolio technologies small in
order to reduce total learning investments and bring a portfolio to
maturity within the foreseeable future. Efficient global learning
requires local deployments which are coherent on a global scale.

It is important to realise the limitations of the global analysis and the
dangers inherent in interventions to try to force global learning.
Efficient and robust energy systems need local flexibility, diversification
of supply and the ability to manage technology risk. Flexibility requires
decisions on deployment to consider local resources and demands. To
manage risk, spreading investments over many technologies can ensure
local variety and reduce the risk that failure of one technology leads to
major failures in all systems. The management of flexibility and
technology risk thus requires local autonomy for decisions on
deployment, which is in conflict with the concerted action necessary to
achieve maximum effect from learning investments.

94

4. Dynamics of Learning and Technology Competition



A balance between coherent global learning and autonomous local
deployment is established through the collective action of the actors on
local, national and international energy markets. Strong actors are
multinational and national energy companies, financial institutions and
governments. Analysis in the previous two sections raises the question
as to whether new institutions are needed to move the point of
balance towards increased coherency in order to have cost-efficient CO2
mitigation technologies available in the next century. Some institutions
may already have increased this coherency, e.g., Joint Implementation
and the Clean Deployment Mechanism. A purposeful change of the
balance will, however, require much more concerted action.
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CHAPTER 5: CONCLUSIONS –
IMPLICATIONS FOR ENERGY
TECHNOLOGY POLICY

“Would you tell me, please, which way I ought to go from
here?”
“That depends a good deal on where you want to get to”,
said the Cat.
“I don't much care where—” said Alice.
“Then it doesn't matter which way you go,” said the Cat.
“— so long as I get somewhere,” Alice added as an
explanation.
“Oh, you're sure to do that,” said the Cat, “if only you
walk long enough.”
Lewis Carroll, Alice's Adventures in Wonderland

Conclusions emerge for three areas relevant to energy technology:
policy making in the form of strategic decisions on energy technology
policy, design and monitoring of policy measures and development of
tools to aid analysis and monitoring.

A general message to policy makers comes from the basic philosophy
of the experience curve. Learning requires continuous action, and
future opportunities are therefore strongly coupled to present activities.
If we want cost-efficient, CO2-mitigation technologies available during
the first decades of the new century, these technologies must be given
the opportunity to learn in the current marketplace. Deferring
decisions on deployment will risk lock-out of these technologies, i.e.,
lack of opportunities to learn will foreclose these options making them
unavailable to the energy system. From this point of view, the present
success of the increasingly efficient combined-cycle technology may
significantly reduce CO2 emissions from the electricity sector until
2010, but may prove fatal for new non-fossil electric technology after
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2010. Focusing policy measures in the period of 2008-2012 may
severely restrict options beyond 2012.

The encouraging result from the modelling experiments here is that
portfolios of new technologies can drastically reduce the total cost for
the transition to a low-carbon economy by the middle of the new
century. However, the low-cost path to CO2-stabilisation requires large
investments in technology learning over the next decades. The
learning investments are provided through market deployment of
technologies not yet commercial, in order to reduce the cost of these
technologies and make them competitive with conventional fossil-fuel
technologies. Governments can use several policy instruments to
ensure that market actors make the large-scale learning investments in
environment-friendly technologies. Measures to encourage niche
markets for new technologies are one of the most efficient ways for
governments to provide learning opportunities. The learning
investments are recovered as the new technologies mature, illustrating
the long-range financing component of cost-efficient policies to reduce
CO2 emissions. The time horizon for learning stretches over several
decades, which require long-term, stable policies for energy technology.

Efficient strategies to make CO2-friendly technologies available in the
early decades of the new century must rely on international co-
operation. Technology learning needs to be global, but technology
deployment will be local. This calls for a long-term, collective effort,
requiring local actions which lead to joint, coherent learning on a
global scale. On the other hand, local autonomy is needed in order to
ensure efficient use of local resources, meet local demands and spread
the risk of technology failures. Therefore, management of the low-cost
path to CO2 stabilisation needs institutions and processes to work out
a balance between global coherence and local autonomy. In such a
balance, a multitude of technology portfolios on different levels can
work together to provide opportunities for promising technologies to
“ride down the experience curve”, while each portfolio retains the
variety that ensures the secure and efficient working of local and
national markets.
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Managing the risks of lock-out, creating niche markets to ensure learning
investments and participating in the working out of a balance between
coherence and autonomy are issues for strategic decisions to bring in
CO2 mitigation technologies. The case studies show that experience
curves can also support the design and monitoring of policy measures.

The case of solar heating shows how experience curves can be used to
set cost targets that can be reached through targeted RD&D support
and to provide a defensible rationale for terminating public support
when the technology has reached maturity or does not show any
learning. In this case, reaching the point where commercial interests
can take over calls for only limited investments in learning. When
larger investments are needed and when market actors must supply the
major share of such investments, a package of policy measures is
needed to bring technologies to the point where they are commercially
viable. Besides targeted RD&D support, such packages will contain
measures to encourage large-scale deployment on the market. There
are several such measures available to the policy maker, from direct
subsidies and tax exemptions to mandated grid prices and regulatory
instruments. The wind energy case suggests a way for using experience
curves to assess the efficiency of policy packages for deployment.

An efficient policy package should support the creation or exploitation
of niche markets, where the specific properties of the technology are
given a price premium. Experience curves are tools for designing entry
and exit strategies for public policy interventions on such markets. The
Japanese photovoltaic systems programme demonstrates how
interventions are used to set up the niche markets, but also how
experience curves are used not only to provide a definite target for the
intervention, but also to design an exit strategy for the direct subsidies. 

There are only a few explicit examples of the use of experience curves
for energy technology policy analysis. Only a few measurements of
experience curves for energy technologies are reported in the literature,
and these measurements are concentrated in a few technologies. The
lack of information and activity is surprising, both in view of the wealth
of data and the use of experience curves in other technology areas and
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in view of the potential benefits to public policy making. One reason
for the inactivity in the public area may be that data are proprietary
and that information about experience curves has competitive value in
designing business strategies. However, information on experience
curves is available in other highly competitive markets, and general
data on technologies supported by public funds should be available to
the policy analyst. This book therefore ends with a call to the
developer of analytic tools to engage in making experience curves
available to the analyst of energy technology policy. A better
quantitative understanding of the factors that drive the experience
curve is also needed, as well as of the relationship between national
and global learning and the effects from learning in other technology
fields. Statistics on market prices and deployment of energy
technologies, gathered and disseminated in the same manner as for
fuel and energy use, would be of great assistance to the researcher.
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Graphic Representation of Experience Curves

Figures A.1 and A.2 show two different graphic representations of the
same experience curve for PV modules (also shown in Figure 1.1). 

Figure A.1 is a linear representation. The scales for “Cumulative PV
Sales" and “PV Module Price" are linear, which means, that any
distances along the axes are directly proportional to the absolute
change in cumulative sales and price. The eye sees a very steep initial
change in price, but as experience accumulates, the price curve flattens
out and progressively more and more cumulative sales are necessary to
produce a visible reduction in prices. Comparing with other
competitive efforts, one could say that what starts on a downhill track
ends up as a long-distance cross-country skiing race, requiring
considerable stamina from the competitors. The linear representation
explains why some authors maintain that learning or experience effects
only appear during the introductory phase of a new product or process.
This representation thus emphasises the large initial improvements in
performance, but there is a risk that it obscures the continuous, but less
dramatic developments in the following phases.

Figure A.2 is a double-logarithmic representation of the same price-
cumulative sales relationship as in Figure A.1. The scales for
“Cumulative PV Sales" and “PV Module Prices" are logarithmic, which
means that any distance along the axes are directly proportional to the
relative or percentage change in cumulative sales and price. The
experience curve appears as a straight line in this representation. The
logarithmic representation emphasises the steady and continuous
improvements in performance, but underlines that these improvements
always should be seen relative to previous achievements.

The series of right-angle triangles tracing the experience curve illustrate
the difference between the two representations. The corners of the
triangles are at identical points in the two diagrams, but the triangles
themselves appear quite different in the two representations. The base
of each triangle corresponds to a doubling of cumulative sales. The first
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Linear representation of an experience curve.
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Double-logarithmic representation of an experience curve (same as in Figure A.1).



triangle starts at cumulative sales of 3.125 MW, and thus has a base of
3.125 MW ending at cumulative sales of 6.25 MW (= 2 × 3.125). The
bases of the following triangles are 6.25, 12.5, 25, 50 and 100 MW,
respectively. The progress ratio of the experience curve is 82%, and
thus the height of each triangle corresponds to a price reduction of
18% (= 100-82). 

In the logarithmic representation, all triangles have the same shape
and size, i.e., they are congruent, mathematically speaking. The
identical size and shape of the triangles reflect the fundamental
property of the unbroken experience curve, namely that a doubling of
cumulative production or sales always produces the same percentage
reduction in price. The linear representation, however, reflects absolute
changes. The base of each triangle is therefore twice as long as the
base of the previous triangle. The height of the triangle becomes
smaller as price decreases, and the absolute value of an 18% reduction
in price becomes smaller. For instance, the price at 3.125 MW is
22.8 USD/W and the height of the first triangle corresponds to a price
reduction of 4.1 USD/kW (= 0.18 × 22.8), but the price at 100 MW is
only 8.4 USD/W and the height of the last triangle is therefore only
1.5 USD/W (= 0.18 × 8.4).

The logarithmic representation is used throughout this book. There are
two reasons for this choice. The first one is technical and pragmatic.
In the logarithmic representation, the basic experience curves appear
as straight lines. Straight lines facilitate comparisons between
technologies and make it easier to define intercepts, assess goodness
of fits to empirical data and deviations from previous trends. It is also
possible to follow the experience effect through any orders of
magnitude. The second reason is of a more philosophical nature. The
logarithmic representation emphasises the long-range, progressive
improvements in performance over the initial, more spectacular and
obvious ones. This representation thus demonstrates both the needs
and the rewards of long-range, sustainable efforts to make new
technologies competitive in the marketplace.
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Recommendations from IEA Workshop on Experience
Curves for Policy Making — The Case of Energy
Technologies, Stuttgart, May 10-11 1999

We are scientists and analysts, who are working in academia, industry
and government agencies within IEA countries, and have been
assembled in Stuttgart, Germany for two days to discuss the use of
experience and learning curves for industrial strategic analysis and for
informing and strengthening government energy technology policy.
Our agenda has covered many aspects of experience and learning
curves: theory and methodology, measurement and analysis,
technology forecasting and energy modelling, application to strategy
and decision making.

Based on our own experience and on what we have learned during
the workshop, we like to make the following observations and
recommendations.

� Experience and learning curves are widespread tools for production
and strategic analysis within all levels of technology intensive
industries. However, they are under-exploited for public policy
analysis.

� Experience curves provides the policy analyst with a tool to explore
technology and policy options to support the transformation of
energy systems and markets towards sustainable development.
Specifically, such exploration allows the identification of areas where
policy intervention may be necessary to reach goals for environment
and climate policies, supports the selection of realistic policy targets
and guides the design of policies to reach the targets.

� Experience curves help to clarify the potential benefits of
deployment programmes and market transformation programmes.
Such programmes allow a technology to learn through the market
and create virtuous cycles, which stimulate industry R&D and lead
to progressively reduced costs so that the technology can compete
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with conventional fossil fuel technologies. Costs for deploying not-
yet commercial technologies can therefore be considered as
“learning investments”, which are recovered as the technologies
become cost-efficient on the market.

� Experience curves can help to identify low-cost paths to reach CO2
stabilisation by the middle of the next century. However, realising a
low-cost path requires two conditions to be fulfilled: large amounts
of learning investments in climate-friendly technologies must be
made during the next decades and international collaboration on
technology deployment policies is needed to ensure efficient global
learning and technology spill-over.

� The acceleration of experience effects through government policies
may provide significant benefits. Issues of government action
require further studies. One important issue refers to the risk of
lockout of climate-friendly technologies because of lack of learning
investments. Governments can intervene to provide or encourage
learning investments, but such action has to be balanced against
the risk of governments “picking winners” on a level where they do
not have the necessary competence. Balancing the two risks cannot
be done without reference to broader policy areas of industrial and
economic development.

� Experience curves for energy technology policy require further
development to realise their full  potential. An urgent issue is the
need for quality-controlled and publicly available empirical
information on experience curves for new environment friendly
technologies. Other important issues that need to be dealt with are

• uncertainty

• inadequacy of relevant data for e. g. costs

• use of analogies and comparison of cases

Putting experience curves in the policy analyst’s toolbox requires
considerable efforts to establish a database of experience curves for
energy technology and development of related methods.
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We recommend:

� that experience curves are used to analyse the cost and benefits of
programmes to promote environment friendly technologies and the
resulting analysis be provided to governments for possible use in
deployment policies as part of their support for the research and
development.

� that the experience effect is explicitly considered in exploring
scenarios to reduce CO2 emissions and calculating the cost of
reaching emissions targets

� that the International Energy Agency takes the initiative to an
international collaboration on experience curves for energy
technology policy analysis

� that this international collaboration is charged with the tasks to
disseminate and develop experience curve methodologies for our
two first recommendations but also to study the effects of
technology spill-over and the needs for concerted action among
governments to support global learning.
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International Collaboration on Experience Curves 
for Energy Technology Policy (EXCETP, pronounced
“exet”)
Creating database, methodology and case studies 
to support policymaking for energy technology

Aims

The International Collaboration on Experience Curves for Energy
Technology Policy (EXCETP) will provide experience curve data base
and methodologies, which together with insights from case studies will
support policymaking for energy technology in Participating Countries.
It will also aid IEA’s Committee on Energy Research and Technology
(CERT) in formulating strategies for co-operation on energy research
and technology policy. Specifically, EXCETP aims to

1. Analyse Global Learning and Local Deployment of technologies with
large potentials in many countries, such as photovoltaics, biomass,
fuel cells, wind power, advanced power plants, heat pumps, compact
fluorescent lamps, high-temperature superconductors as well as
technology systems to achieve, e.g., energy efficient lighting,
buildings or transport.

2. Disseminate and support the use of experience curve data and
methodology for policy analysis and decision-making in Participating
Countries.

3. Use analysis based on experience curves to support IEA/CERT
formulation of strategies for co-operation on energy RD&D and
technology policy, recognising the necessity of local autonomy but
also the growing need for coherence of action on a global scale to
manage CO2 emissions.

4. Establish a quality-controlled database on empirical information for
experience curves.

5. Develop guidelines for the construction of experience curves.
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6. Support further development of experience curve methodologies
based on all form of quantitative analysis to explicate and verify
experience effects of energy technology implementation.

Background

Experience curves are widespread tools for production and strategic
analysis within all levels of technology-intense industry. The fact that
gathering experience through acting on competitive markets makes
individuals, enterprises and industries do better is at the heart of the
experience curve phenomenon. The curves show a simple, quantitative
relationship between price and the cumulative production or use of a
technology. There is overwhelming support for this price-experience
relationship from all fields of industrial activity. It is of great interest to
see how experience curves can contribute to the design of energy
technology policies. The purpose of this Collaboration is therefore to
gather data on experience curves for energy technologies, and through
case studies develop methodologies, which can be used to strengthen
energy technology policy analysis and decision-making.

The need to consider the experience effect is observed in a document
from the IEA Committee on Energy Research and Technology
(IEA/CERT) directed to the Energy Ministers at their meeting in Paris
for the IEA 25th Anniversary in May 1999. The two-page summary
entitled “The Technology Response to Climate Change — A Call for
Action” states: “Technology deployment policies can help overcome
price barriers since they encourage ‘technology learning’. These
‘learning investments’ will be repaid with more competitive low carbon
technologies and new cost-effective solutions to our climate problem.”

An IEA Workshop on “Experience Curves for Policy Making — The Case of
Energy Technology” was held in Stuttgart, Germany, May 10-11, 1999.
The Workshop observed that “Experience curves provides the policy
analyst with a tool to explore technology and policy options to support
the transformation of energy systems and markets towards sustainable
development”. The Workshop also observed that experience curves “help
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to clarify the potential benefits of deployment programmes and market
transformation programmes” and that they can help to “identify low-cost
paths to CO2 stabilisation by the middle of the next century”. However,
the Workshop also noted that in spite of their wide use in industry,
experience curves remains under-exploited for public policy analysis. To
realise its full potential for energy technology policy, the experience curve
methodology requires further development. An urgent issue is the need
for quality-controlled and publicly available empirical information on
experience curves for new environment friendly technologies. Other
development areas include the handling of uncertainty, time-series of
cost rather than price data, use of analogies and technology spill-over
between industries and countries. Putting experience curves into the
policy analysts toolbox thus requires considerable efforts to establish a
database and develop the methodology.

The Stuttgart Workshop made four Recommendations:

1. that experience curves are used to analyse the cost and benefits of
programmes to promote environment-friendly technologies and that
the resulting analysis be provided to governments for possible use in
deployment policies;

2. that the experience effect is explicitly considered in exploring
scenarios to reduce CO2 emissions and calculating the cost of
reaching emissions targets;

3. that the International Energy Agency takes the initiative to
establish an international collaboration on experience curves for
energy technology policy analysis;

4. that this international collaboration is charged with the tasks of
disseminating and developing experience curve methodologies for
our two first recommendations, but also of studying the effects of
technology spill-over and the needs for concerted action among
governments to support global learning.

The outcome of the Stuttgart Workshop was reported to IEA/CERT at
their meeting in June 28-29, 1999. Based on the third recommendation

118

Appendix C. International Collaboration on EXCETP



the Secretariat proposed that it should aid the setting up of an
International Collaboration, which should work on experience curves for
energy technology policy. IEA/CERT supported the Secretariat’s efforts
to set up the international collaboration.

EXCETP is a follow-up to the IEA/CERT decision. The following part of
this document describes the tasks for EXCETP and the services EXCETP
provides for its participants. The organisation of EXCETP is discussed
in section 4 and is based on active involvement from the Secretariat
and research co-ordinating role of International Institute of Applied
Systems Analysis (IIASA).

Tasks

The work is carried out in three tasks, “Case studies — Global Learning
and Local Deployment”, “Analysis for Policymaking” and “Guideline
and Database for Experience Curves”. The two first tasks serves two
distinct sets of clients. Guideline and database serves the Participants
in EXCETP. Figure C.1 summarises the relations between the tasks and
indicates the external clients for the tasks.

Task 1: Case Studies - Global Learning and Local Deployment

The purpose of this task is to further develop the experience curve
methodology for policy analysis and apply this methodology to analyse
the experience effects of deploying technologies or technological
systems with large potentials in many countries. Examples of
technologies are photovoltaics, wind power, biomass, advanced coal
power plants, fuel cells, heat pumps, air conditioners, compact
fluorescent lamps, high-temperature superconductors. Buildings,
lighting, industrial processes and transports are examples of
technological systems on the demand side.

Cross-country and cross-industry case studies of specific technologies or
technology systems are important to understand spillover technology
and the relation between local deployment and global learning. The
learning potential for technologies with no or very little market
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deployment can be estimated based on experience with similar
technologies. The work will include both retrospective studies to
establish an empirical base for analysis, and prospective or forecasting
studies employing, e.g., scenario techniques to assess the effects of
future learning. The empirical studies will give insights into the
experience effect and provide parameters for the experience curves to
be used in the prospective studies, but also provide information about
the efficiency of policy measures to promote technology learning and
make new technologies commercial. Prospective studies will make it
possible to estimate the learning investments, investigate the efficiency
of alternative policy measures and study the need for international
collaboration to reach targets. Identification of niche markets is
important in both types of studies.
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task 3, which will function as a collective memory within the collaboration.



Learning opportunities are scarce resources. Case studies will look at
the competition for these resources among technologies and try to
assess the cost-effectiveness of specific allocation of learning
investments depending on the demands and objectives for the energy
system. In a “Business-as-usual” case, markets are expected to provide
an efficient allocation of learning opportunities. However, this
allocation may not be cost-effective in the perspective of very long-
range societal objectives, such as the management of the risk for
climate change. Case studies on the competition for learning
opportunities will provide indications for possible government
intervention to promote environment friendly technologies, and help to
identify possible technologies to be promoted. Results should also
facilitate discussions about concerted action among governments on
technology deployment policies.

Modelling techniques are important for studies of the experience
effect. The case studies on the competition for learning opportunities
require advanced energy systems engineering models. There are
several research groups, which have developed or are developing
different types of energy models with the capacity to study technology
learning. It is important that the collaboration does not duplicate
these efforts, but can access models already developed. Co-operation
with external modelling groups will be mutually rewarding. From the
database, EXCETP can provide an external partner with empirical data
on progress ratios and entry points for energy technologies, and the
case studies will provide benchmarks against which models can be
checked.

Task 1 has a broad set of clients. It includes researchers in academia,
industry and government agencies, who will act as peers to review the
quality of the work. The ultimate goal of the work is to establish a
database on energy technology learning and develop a methodology,
which is useable for technology policymaking. Consequently, policy
analysts are important clients of this study. They will act as peers to
review the relevance of the work and will be the main users of the
results. The results will provide insights into the mechanism of
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learning, but will not be specific enough to go directly into
policymaking. Task 2 is therefore designed to provide direct links to
the energy technology policymaking.

Task 2: Analysis for Policymaking

The purpose of this task is to promote the implementation of
experience curve methodology in a specific policy environment and use
it as an analytical tool aiding specific decisions on energy technology
policy. The clients are thus a specific set of policy makers and analysts.
The work will draw on the achievements in Task 1, but requires active
dialogues with the clients. Experience from this task will feed back to
the studies in Task 1 and increase the relevance and improve the focus
for these studies.

Subtask 2A: Policy analysis in member countries

The purpose of this task is to disseminate, encourage and support the
use of experience curve methodology for energy technology policy
analysis and decision making in IEA Member Countries. The output
should be a common framework and procedures within the
participating countries for experience curve analysis to support
policymaking. Pooling of dissemination and experience with the
methodology reduce the country-specific cost of implementing the
methodology. From an IEA perspective, the task facilitates discussions
about concerted actions and common technology strategies.

The clients for this task are the energy policy makers and policy
analysts in the participating countries. Part of the task is to design a
process to reach out to the client and set the experience curve
methodology on the agenda. National reference groups to follow the
work within the collaboration have proven useful for dissemination and
support in other IEA related work (e.g., ETSAP). The process could be
initiated by seminars for the policy people within each of the
participating countries building, e.g., on the work on experience curves
within the Secretariat. To establish the methodology requires the
country clients to commission studies and engage themselves actively
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in the outcome from such studies. Country studies would rely on
results from task 1 and on the empirical data collected in the common
database (Task 3)

Subtask 2B: IEA/CERT strategies for co-operation 
on energy R&D and energy technology

The purpose of this task is to provide analysis to support IEA/CERT
formulation of strategies for co-operation on energy RD&D and
technology policy. The analysis will build on and integrate results from
studies in Task 1 and national studies related to Task 2A. Interesting
questions are, e.g., cost reductions through co-operation between
countries, the need for concerted action among governments to
accelerate learning or avoid lockout of environmental friendly
technologies.

Clients are the IEA/CERT and its subsidiary bodies, but also other
interested bodies at IEA may appear as clients. The work within this
task will be carried out in close co-operation with the IEA Secretariat.

Task 3: Guideline and Database for Experience Curves

The basic purpose of this task is to design, set up and maintain a
quality-controlled database with information required to construct and
analyse experience curves for energy technologies. The policy analysis
in Task 2 and the case studies in Task 1 will draw on this database;
however, individual work within these tasks will also generate new data
that go into the database. This recycling of data is important because
it opens all work to the same quality review procedures, makes data
easily available to other members of the collaboration, and serves as a
collective memory. Collecting new data is time consuming and
expensive. Recycling will therefore be the most important modus of
operation for the database in the first phase.

The control of data quality and use of the database require guidelines,
which state what constitutes a proper and legitimate experience curve.
Task 3 therefore includes the collection and synthesising of experience
on how to measure and analyse an experience curve. This work will
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result in a short guidebook with a code of practice for constructing
experience curves. The code of practice will serve as a standard for
work within EXCETP. The need for such a standard emerges because
the experience curve phenomenon still lacks a unifying theory, which,
e.g., explains the form of the curve and can relate learning on different
levels and between technologies as well as to other economic
phenomena. The strength of the concept lies in the accumulated large
body of empirical results, which can be used to benchmark learning for
new technologies and as control for the quality of new studies.
However, to achieve such benchmarking and control without a
commonly accepted theory requires strict adherence to a well-
documented and transparent methodology. Experience curves share
this need for a code of practice to avoid confusing claims with, for
instance, Life Cycle Analysis.

Task 3 provides service for Task 1 and 2. All the clients are therefore
found within the collaboration. This, of course, does not reduce the
requirement for both internal and external quality control and
availability for peer review. Publication of working papers on
experience curves available in the database facilitates external review.
The guidebook with the code of practice for constructing experience
curves also serves this purpose.

Organisation

EXCETP is a virtual organisation, i.e., it has an identity of its own but
all its members have their organisational home in other real
organisations, which provide them with the resources to carry out 
their work. The concept of virtual organisations has emerged during
the last decade within the management literature and been taken 
up in the business world as a way of putting the principle of 
flexible networks into practice in order to meet the needs of a 
rapidly changing environment. An early writer observed that 
“Virtual enterprises rely more on the knowledge and talents of their
people that on the functions. Their managers, professionals and
workers can multiplex their attention to multiple projects with
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different sets of project members during the course of a day, month,
or a year.”34

The identity of a virtual organisation is derived from common tasks,
while much of the identity of real organisations is derived from
common resources and functions. A virtual organisation is only viable
as long as its members find that the tasks provides them with value
added in the real organisation to which they belong. This means that
the tasks must also provide value added to the real organisations and
these organisations need to be aware or made aware of the value
added. A virtual organisation, such as EXCETP, is thus free to define its
tasks but depends for its survival that each home organisation for its
members acknowledges the value of the tasks and is willing to support
the execution of these tasks.

The organisation of a virtual organisation should be simple, and reflect
the tasks and the reliance on home organisations for its members.
Figure C.2 provides a simple layout of the organisation of EXCETP.
Within the IEA structure, the Committee of Energy Research and
Technology (IEA/CERT) is the client for EXCETP. IEA/CERT receives
reports and evaluations via the IEA Secretariat, who also monitors
activities and serves as overall co-ordinator of the work. However, each
national or EU member of EXCETP should have contact directly or via
the home organisation with the national or EU delegate to IEA/CERT.
The full drawn lines in Figure C.2 thus represent conversations between
EXCETP and its client, the dotted lines represent conversations between
individual members of EXCETP and their clients, represented by the
respective IEA/CERT delegate.

Within the IEA Secretariat, the project on Technology Learning35 will be
responsible for contacts with EXCETP. This project will also participate
in the analytical work of EXCETP.

IIASA is the International Institute for Applied Systems Analysis in
Laxenburg, Austria. IIASA is an international research institute, which
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has been active within the field of technology learning since it was
started in 1972. Within EXCETP, members from IIASA will participate
in the analytical work but also contribute to the scientific co-ordination
of the collaboration.

Funding

There is no common funding for EXCETP; each member receives all his
resources from his home organisation. The home organisations are
responsible for securing necessary funding, either within their own

126

Appendix C. International Collaboration on EXCETP

IEA/CERT

IEA Secretariat

M2 ….

Technology
learning

(Project 16.8)

C1 C2 Cn

EXCETP

……

M1 Mp MnMp’
IIASA
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C1, C2.. are country and EU delegates to IEA/CERT. M1, M2.. are members of EXCETP coming
from home organisations with government funding from respective countries or EU. EXCETP
is open to persons from private industry, represented in the figure by Mp, Mp’.. “IIASA” refers
to members in EXCETP from the International Institute for Applied Systems Analysis.



budgets or from external sources. IIASA as an international research
organisation has the option of applying for funds by national research
foundations in the participating countries and by private sources.

The IEA Secretariat cannot support EXCETP from its regular budget, but
requires voluntary contributions from the participating countries to
manage the network, report to IEA/CERT and do its share in the tasks.
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